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learning prediction for clinical decision making
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Background

Delirium Is a highly prevalent, preventable and treatable
neurocognitive disorder, which is difficult to identify and predict.

Dashboard that presents ML delirium identification results
Interactively based on physician selections and inputs.
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Welcome to the Physician Experience Design (PXD) Dashboard!
In this dashboard, you can visualize various types of results from different Machine Learning (ML) models by selecting a combination of options
given in the 3 drop-down lists below.
For detailed description of options in each dropdown list, please click the 'Help' button in the top-left corner.
For background knowlege about evaluation metrics and abbreviations used in this dashboard, please click the 'Background Info' button below.
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Machine Learning (ML) predictions are subject to error, so
physicians need information about the quality and uncertainty of B
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Results table of 12 ML models

Calibration comparison

User Experience Design (UXD) can tailor ML output to what
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Utilizes data from GEMINI, Canada’s largest hospital data and
analytics study, including 4,000 cases with ~ 25% of cases
labeled as having delirium.

12 ML algorithms used to predict delirium status of each
admission.

Explainable Artificial Intelligence (XAl) framework for physician
experience design (PXD) to improve the uptake of ML models by
improving the transparency of model results.
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